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Figure 1. DSST feature extraction from the
Intuition cohort

Figure 2. Two sessions with equal DSST total correct scores Figure 4. Anomalous first sessions are detectable from one 90-second DSST
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Figure 5. Informative features were dominated by response-latency and
drawing-related features
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performance across horm-defined groups in
4,086 held-out participants.

Conclusions

The model is now being validated in a healthcare
setting to flag patients for repeat assessment,
ensuring participants with an underlying cognitive
Impairment are not excluded

Anomalous first-session performance
was detected with ROC AUC up to 0.958
for the most stringent cutoff

Timing irregularity was the dominant signal of
anomalous performance, led by response-
latency and drawing-related features

Flagging anomalous sessions may improve
confidence that low pre-screening scores reflect
true impairment rather than transient disruption
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