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Ongoing
Projects

R21: Identifying diagnostic biomarkers for Delirium
and predicting cognitive Outcomes in hospitalized
older adults using automated Speech Analysis (IDOSA)

RO1: Vital Signs for Psychosis: Personalized
Longitudinal Markers of Psychosis Severity Using
Automated Speech and Language Analysis

PO1: Early-Phase Psychosis: Practice-Based Research to
Improve Treatment Outcomes — Predicting psychosis
exacerbations and disengagement from community
early psychosis treatment

Finetuning LLM for predicting thought disorder clinical
ratings

Hierarchical diagnosis in comorbid, cross-diagnostic
sample

Systematic comparison across static and contextual
models for semantic similarity analysis

Pipeline paper with demo data
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